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EXERCISABILITY RANDOMIZATION OF THE
AMERICAN OPTION

GUILLAUME LEDUC

ABSTRACT. The valuation of American options is an optimal stop-
ping time problem which typically leads to a free boundary prob-
lem. We introduce here the randomization of the exercisability of
the option. This method considerably simplifies the problematic
by transforming the free boundary problem into an evolution equa-
tion. This evolution equation can be transformed in a way that
decomposes the value of the randomized option into a European
option and the present value of continuously paid benefits. This
yields a new binomial approximation for American options. We
prove that the method is accurate and numerical results illustrate
that it is computationally efficient.

1. INTRODUCTION

American options are a fundamental financial tool of modern finan-
cial markets and millions of them are traded every day. In the last
two decades, the problem of valuing American options has become the
subject of an extensive literature. While various enhancement of the
traditional Black-Scholes model are at the center of abundant pub-
lications, the later remains a benchmark both for practitioners and
theoreticians, and the new models are still facing the same difficul-
ties inherent to the nature of American options. Such a core difficulty
comes from the fact that the American option’s value is the solution of
a problem which involves finding the optimal boundary at which the
option should be exercised, as part of the solution. Such problems are
called free boundary problems.

One of the earliest successful method developed to address the val-
uation of American options in the Black-Scholes setting is the finite
difference method with pioneer works by Brennan and Schwartz [1].
Still today, the most widely used valuation technique is certainly the
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binomial method due to Cox, Ross and Rubinstein [2]. Geske and
Johnson [3] derived the compound options approach. MacMillan [4]
and Barone-Adesi and Whaley [5] developed a quadratic approxima-
tion method. Kim [6], Jacka [7], Carr et al. [8] found integral-equation
methods for the location of the optimal boundary which lead to fur-
ther numerical methods in Huang, Subrahmanyam, and Yu [9] and
approximation methods in Ju [10]. Another fundamental approach is
the randomization of the option in Carr [11] which yields to simpler
approximations, or the randomization of the underlying asset in Leisen
[12], [13] yielding a smoother convergence of the numerical implemen-
tation.

The valuation of American options in the Black-Scholes setting is
an optimal stopping time problem and, as such, has an interest that
extends beyond the mere valuation of the derivative products. The
question remains the subject of several publications. To name some
recent papers, let us mention: Alobaidi and Mallier [14], Bunch and
Johnson [15], AitShalia and Lai [16], Allegretto et al. [17], Alobaidi and
Mallier [18], Longstaff and Schwartz [19], Zvan et al. [20], Allegretto
et al. [21], Coleman et al. [22], Rogers [23], Wu and Ding [24], Zhu
[25], Borici and Luthi [26], Cruz-Baez and Gonzalez-Rodriguez [27],
Peskir [28], Schroder [29], Widdicks et al. [30], Camara and Chung [31],
Gaudenzi and Lepellere [32], Zhu [33], Armadaa et al. [34], Chen and
Chadam [35], Lin and Liang [36], Zhao et al. [37]. In a recent paper,
Zhu [38] solved a "holy grail" of financial mathematics by finding a
closed form solution to the American put option.

A central difficulty in research dealing with American options is that,
to get the value of the option, one should also identify a free optimal
boundary for which no simple form exists. This paper addresses that
core issue. Its purpose is to develop a new approach for determining
American option values, based on randomization, which eliminates the
need for finding a free optimal boundary.

While a European option entitles his owner to exercise at maturity
and an American option at any time up to maturity, a middle ground
between these two extremes is an option which is exercisable at some
but not all times up to maturity. A randomly exercisable American op-
tion gives the right to his owner to exercise at some random dates prior
or up to maturity. In this paper the exercisable dates independently
follow each other by waiting an exponentially distributed time. Note
that these exercisable dates are completely independent of the stock
process which is traded continuously.

The value of the exercisability randomized American option approxi-
mates the value of its American counterpart. For randomly exercisable
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option, the problem of finding the solution is simplified by the fact that
the optimization problem that should be solved at time zero, to find
the value of the option, has the same form as the one that should be
solved at the time of the first exercisable date, thus yielding an ordi-
nary evolution equation. Clearly, the shorter the average time between
two exercisable dates is made, the better the approximation becomes.
As the average waiting time between two exercisable dates approaches
zero, the loss of opportunity vanishes and the value of the randomly
exercisable option converges to the true American option value.

Randomization of the American option was introduced in Carr [11]
where the maturity of the option is randomized. The maturity being
the n* jump of an independent Poisson process the solution is simpli-
fied by the memoryless property of exponential variables as, before the
first jump, the horizon remains the same so that the optimal boundary
remains constant. Randomization of the underlying asset as a mean
of approaching the Black-Scholes setting was also studied in Follmer
and Sondermann [39], Sondermann [40], Dengler and Jarrow [41] and
Rogers and Stapleton [42]. But in the case of the American option, the
complexity of identifying the optimal boundary remains unchanged.
Leisen [12] studied the binomial asset pricing model with a random
number of steps and obtained a smoother convergence.

In Kim [6], Jacka [7] and Carr, Jarrow and Myneni [§], natural de-
compositions of the American option into a European option and an
early exercise premium expressed in terms of the optimal boundary
not only reveals a fundamental feature of American options but is also
at the heart of numerical techniques for valuing the option. In this
paper, the randomization of the exercisability yields a natural break
down of the option into a European option and the present value of
some continuously paid early exercise benefits. At any given time this
instantaneous benefit is equal to the excess of intrinsic value over the
present value of the optimal deferred exercise.

The rigorous study of the convergence of some of the classical nu-
merical method for valuing American options -among others Carr’s
maturity randomization- has been the specific subject of recent pub-
lications: as pointed out in Deng et al. [43], the convergence to the
true American option value of many of the important classical methods
for valuing American options had not been rigorously established and,
they proved the convergence of Carr’s method of lines and maturity
randomization. In Dupuis and Wang [44] and in Bouchard, El Karoui
and Touzi [45] this convergence is recognized as an important issue
part of a broader problematic. Note that the non-triviality of proving
the convergence in free boundary problem settings was pointed out in
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Carr [11]. Here the convergence is established by breaking down the
error into a discretization error, a randomization error and a law error
which are shown to converge to zero. Numerical results are provided
to illustrate the computational efficiency of the method.

The paper is organized as follows. In section 2 we collect the basic
assumptions and notations used in this paper. Section 3 deals with
the optimal stopping time for the randomized option. In section 4
we prove that the value of the randomly exercisable American option
converges to the value of the ordinary American option. In section 5
we derive an evolution equation having the value of the randomized
American option as its unique solution. We use Dynkin’s generalized
Feynman-Kac formula in Section 6 to transform this evolution equa-
tion in way that decomposes the value of the randomized American
option into a European option and the present value of continuously
paid early exercise benefits. This second evolution equation is the basis
for a numerical implementation described in section 8. In Section 9
we show that our numerical method converges to the true value of the
American option and in section 10, numerical results are provided to
illustrate the efficiency of the method. As for section 7, it connects the
ordinary American option to the randomly exercisable American op-
tion by exhibiting a suboptimal strategy for the owner of an American
option which yields the value of the randomized option.

2. BASIC SETTINGS

Throughout this paper we work with a strong Markov right process
¢ = (&, F,m,) where F is the usual filtration and 7 , is the conditional
expectation knowing that & = x. We assume that

Tra (f (&) = 72 (f (261))

Indeed we are mostly interested in ¢ a Geometric-Brownian motion
with parameters p and o, that is, for every 0 < r <t and every x > 0,

Tra (f (&) = 7 (f (2&—)) and

(06 =7 (v (Wi + (5 302) €-1))

where W is a Brownian motion and 7 := g ;.

A time T' > 0, representing the time to maturity, is fixed throughout
the paper.

A function h(x) > 0 representing the intrinsic value of the option is
also fixed. We assume that h(z) is Lipschitz and has compact support.
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Hence there exists K, L. > 0 such that

h(z) = h(z)lpx (z)
|h(z) — h(y)] <Lz —y|.

Note that the American put with strike K, is a particular case of this
with h(x) = max(K — z,0).

On the same space as £, an independent Poisson processes N* with
parameter \ are realized, for A = 1,2,3,.... We denote by N*(a, b] the
number of jumps in interval (a, b]. We will refer to A as the exercisability
mntensity.

In our setting, an option bought at time ¢ is exercisable at any of
the jumps of N* in (¢, 7] or, at the latest, at time 7. We denote by

o= T = {7, 17,

the set of all Ezxercisable Dates in the interval (¢, T, that is the times in
this interval at which the option is exercisable (the time of the jumps
of N*). Obviously,

21) T, =Ty~ (t+m+7+..+7)) AT, forn=1,2,.

where the variables 73, i = 1,2,... are independent and identically
exponentially distributed with parameter A, and models the “Waiting”
Time one has to wait in between two Ezercisable Dates.

Clearly, developing a strategy to optimize the value of an American
Option with random exercisable dates, involves the set of stopping
times matching one of the values of T. We denote by 7 [t, 1] the set of
all t-stopping times bounded by T' and by 7*[t, T| the t-stopping times
bounded by T" whose value always coincide with one exercisable time
T,.. Recall that 7 is a t-stopping times bounded by T"if t <7 < T and
if 7 is a stopping time with respect to the filtration (7[t, s]) c, 7-

Note that 7[t,T] can be mapped into 7*[t,T] through the formula
(2.2) 7 — T(r,T) ZTn—f—ll [T Tasr) (T)

where Ty :=t. Hence T(7,T) is the first Exercisable Date after T.

We denote, for any value x of the underlying stock ¢ and any time
t up to maturity T, the value vj (t,) of the randomly exercisable
American Option which is given by the formula

U;)l"T(t,:IJ) ‘= Ssup th(e olr (57))
TETMt,T)
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We also denote the value of the European option by v .(,2) and the
value of the American option by vy, 7(¢, x).

We are interested in the first Ezercisable Date after time ¢ for which
the intrinsic value h(¢;) is at least as big as the expected discounted
value of the optimal future exercises of the option, v}, ;.(s,&;). That is
we are interested in

(2.3) 7 = inf {3 eT:h(E) > v,i,T(s,gs)} .

We are also interested in the optimal exercise time after ¢ of the Amer-
ican option
=inf{s > t: h(&) > vnr(s,&)}-

As expected, 7 is the optimal exercise of the randomly exercisable
option. This is established next.

3. OPTIMAL STOPPING TIME

First, for 7 to be a stopping time we need s +— Up, N (s, &) to be right
continuous. But this is guaranteed by the fact that if 7,, is a sequence
of decreasing t-stopping times converging to 7., then, clearly,

lim T (U27T<Tn7 £Tn)) = T2 (U})L\,T(TOO7 fToo))
n—oo

which guaranties almost sure right continuity according to [46, VI.48].

The fact that 7 is an optimal stopping time is common to all Amer-
ican style option. An adaptation of a similar argument in [47, Th.
4.4.5] is drawn here for the sake of completeness.

Let o be a t-stopping time. Let us first show that exercising at
o A1) is at least as good as exercising as o. To see this, first note that
exercising at 7' is, by definition, at least as good as keeping the option,
SO

(B1) e (R (Gnna) ) Z T (€ Loz h (6))

+ T ((f*p osmatir (T2 573))
But
UhT (2 62) = T (e_p(awj_ﬁ)h (foWﬁ))
thus, using the strong Markov property, we can continue (3.1) with
Tt (ffpawﬁh (50/\73)) > Mg (e_pa (L;gnah (o) + 1osrah (50)))
= Tie (€777 (&5))
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Thus no optimal strategy can impose us to wait longer than 7. So
let o be a stopping time bounded by 7). We need to show that

(3.2) Trw (€770 (&) < o (e_”*A h (&3)) :

In order to do so, we will first show that, for every n, the opti-
mal strategy for the option maturing at the n'® exercisable date T,
is to exercise at the first exercisable date 7" where exercising h has
more value than the expected discounted deferred optimal exercise,
th More precisely, we define

Uyp(tx) = sup (e h(E e, )
TETAt,T)
A = inf {']T cT: h(&r,) > Ui; Z(Ti7§Ti)}
O, =0 N 7N'* i
Note that 52:§(t,x) e U})L"T(t,l’) as n tends to infinity and, therefore,
2 ) and o, /' o as n tends to infinity.
Obviously, for an option that matures at the first exercisable date
(that is '172‘;) the optimal (and unique) strategy is to exercise at 7! =
T,. Now assume that, for k = 1,2,..,n — 1, 7% is an optimal strategy

for the option maturing at the k" exerc:1sable dates. Consider an option
maturing at the n'" exercisable date. We have

Tiw (€777 (&) = Tia <e_p0"10n:;*x,nh (§Un))
n—1
+ Z Tt (e‘Pon 10n<?3’n 1y, =1, (fgn))
=1

But on the set {an < 'TV;\”} N{o, = T;} only n—i exercisable dates are
left and since, (1) by induction hypothesis, it is optimal to exercise at
the first transaction date T; after T;, j € {i + 1,7+ 2,...,n}, for which

(33) her,) 2 o7 (T 6y,

since, (2) on that set, 72" > T;, and since, (3) 7" is the first trans-
action date for which (3.3) occurs, it follows that T2 is optimal. And
this yields

o (€77 (6,)) € e (77 (620))

Letting n tends to infinity we get (3.2), as desired.
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4. CONVERGENCE OF THE MODEL

It is intuitively clear that the value of the exercisability randomized
American option with exercisability intensity A converges to the value
of the American option when the exercisability intensity \ blows up to
infinity and virtually no time has to be waited in between exercisable
dates.

First note that since the American option can be traded without re-
strictions before maturity we clearly have v, r(t, 2) > vp 1(t,2). On the
other hand, recall that 7, is the optimal stopping time of the American
option, let 7 € T*[t,T] be the first exercisable date after T, as given
by (2.2) and let

Rt @) i= ma (7P 00(g)
Then, obviously, by suboptimality,

i]\ii\,T(t?:E) < U}?,T(tﬂ) < Uh7T(ta z)

Now
t<m<T<LT
and
0 < vpr(t,x) = Ty o(t, )

e (677 Oh(E,) — e P Th(&y))
+ T ((e—pm—t) _ e—p@*—t)) h( m) _

But by the memoryless property of exponential variables, the time to
wait for the first exercisable date after 7., that is 72 —7,, is exponentially
distributed with average %, so we have

Tin ((efp(f*ft) _ e*ﬂ(?ﬁﬂf)) h( ?3)) <7a (p (B = 7)) 10l

Pl

<
- A

and therefore

0 < vhrlt,2) — Bt )

< o (0 (1(6s) — 7 BlE)) + 2L

A
T —u Pl
hi&.) _/0 (n+u)/\T(h)(fn)€ M du| + X
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which converges to zero as A goes to infinity, where S,f; is the semigroup
of &, that is

S;;l (h)(g;) = th,xh(gb)? for 0 <t; < to, and x > 0.
Finally, since
(4.2) 0<wvpr— UQ,T < Upr — GQ,TJ

our claim that v,’}T — Up,r as A — oo follows.

5. EVOLUTION EQUATION OF THE OPTION VALUE v} 1

The benefit of randomizing the exercisability of an American option
is that it transforms the free boundary problem solved by its value vy, 1
into an ordinary evolution equation. And it is considerably easier to
work with such integral equations than with the original problem. As
we will see now, it is simple to derive this evolution equation.

Let T; be the first exercisable date of the option, as defined by (2.1).
Then

+ Tt <1Tﬁ>Tle_pT1 Ty 6r, ( <T Jﬂ‘l) <57A>>)

= Tt (17'*:'11‘1 eiprﬂqlh (§T1) + 17’,?>T1 eiprﬂqlvh,T(Tla ‘ng)) .
Since, 7 = T iff it is optimal to exercise at T;, we obtain

Uii\T(t ) = T, (e max(h (¢r,), U;AL,T(beTl))) -

Recall from (2.1) that the first exercisable date T after ¢ is defined by
T, = (t+ 7'1) AT where 77 is and independent exponential variable
with mean §. Therefore

(5.1) Ui)z\,T(t7x):7rt,I (eI In(er))

T
b [ €O max(h(€.), o 5. L)
t
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Note that, rewriting the first member of the right-hand side in terms
of the European option v}f’T, this is obviously the same as

(52) Ufi\,T(t .Z) = G_AtU,iT(t, l‘)
T
A 5—
+7rt,$[ —(A+n)( t)l{h (€202 1 ( 755)}h(§s))\ds

T
+7Tt,$[ —(A+p)(s— t)l{h (€<} 1 (564) }UhT( s, &) Ads.

6. DECOMPOSITION INTO A EUROPEAN OPTION AND AN EARLY
EXERCISE PREMIUM

A powerful tool for analyzing evolution equations is Dynkin’s gen-
eralized Feynman-Kac formula (see [48, Th. 4.1.1- 4.1.4]). We will
use this to get a natural relation between the exercisability random-
ized American option and the European option. It breaks down the
randomly exercisable option into a European option and the expected
present value of the continuously paid excess of its intrinsic value over
the expected present value of the optimal deferred exercise. More pre-
cisely, we show in this section that

(61) Ui)L\,T(tu CZT) = Uif,T(tu CZT)

T
+ Wt’x/t e Pt max (h(&) — vy 7(s, &), 0) Ads.

where U}SL,T denote the European option with maturity 7" and intrinsic
value h.

Recall that a random non-negative measure A(ds) is called an ad-
ditive functional of ¢ if, for every time interval (o, 3), A(., (a, f)) is
measurable with respect to the completion of F(«, ) with respect to
Ta, for every x. A particular case of Dynkin’s generalized Feynman-
Kac formula is stated in Theorem 1 below. For f a measurable non-
negative function and some fixed time 7, it is typical (such as in [4§]
or [49] for instance) to use this formula with additive functionals of £
having the form C'(I) := [, f(s,&;)ds or B(I) := 1;(T) f(T,&r), for I a

time interval.

Theorem 1. Let C be a non-negative additive functional of &. Put
H(I) :=expC(I), for any interval I. Let B be a signed additive func-
tional of €. Assume that

Tra | Bl (r,t] < o0



EXERCISABILITY RANDOMIZATION OF THE AMERICAN OPTION 11

The function

(6.2) g(r,z) =m, H(r,s) *B(ds)

(rt]

satisfies the equation

(6.3) o(r2) = 0 B 4] — 7 / o(s, £)C(ds)

If g is finite and if the left side of (6.3) is well-defined then (6.3) implies
(6.2).

We will use this result to find a explicit solution to (5.2) using this
result. To do this, let the additive functional B(ds) be defined, for any
time interval I, by

B = 1DER) + [ 1o ph(ENS

A
+ /I1{h(§s)<v,’)7T(s,§s)}vh,T(5, &) Ads

Then (5.2) precisely says that

T
t

Therefore, according to Theorem 1,

T
Ui)z\,T(ta r) =m, (B(t,T)) — Wt,m/t U;\L,T(s, &) (AN +p)ds

Or, said otherwise,

T
(64) Uf)L\,T<t7 ZL’) = Tt (h(gT)> + T x / ]‘{h(gs)zv;}T(s,és)}h(gs))‘ds
" ,
T
i [ k(s €pds
t

T
- ﬂ-t,x [ 1{h(€S)ZUQ,T(57€s)}U])l\,T(S7 gs))\dS

Which is the same as

T
0 (1) = o (R(ER)) + o / max (h(€,) — v 7(5,€,),0) Ads

T
— Ty / v o(s, &) pds.
t
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Involving the generalized Feynman-Kac formula with B(ds) and C(ds)
defined, for any time interval I, by

B(I) :=1,(T)h(é7) + /Imax (h(&) — vpr(s,&),0) Ads

C(l) := / pds
I
we obtain (6.1) as desired.

7. CONNECTION WITH THE ordinary AMERICAN OPTION

We put here in an aside a representation of v,’;T as the value of an
American option under a suboptimal strategy, thus obtaining another
formula for the value of vp ;.. A simple lattice calculation of v, ;. using
this representation is possible yielding, we believe, a somehow exotic
implementation of the option price calculation!

This representation is obtained by making use of Dynkin’s general-
ized Feynman-Kac formula in order to get

(7.1) U;},T(t, T) =Ty (e*p(T*t)e*C(t’T)h(é"T))
T
+ Mg / e POl b (¢,)O(ds)
¢

where C(ds) is the continuous additive functional defined for any time
subinterval I of [0,t] by

c(1) = /I Lhenzop pu g} AU

Now if 71 is an independent variable which is exponentially distrib-
uted with mean 1 and if we define at time ¢ the variable

T=inf{s >t:C(t,s) >}
then (7.1) precisely says that
Ut @) = T (e777h(E))

Multiplying 7 and C' by %, this can be interpreted as saying that,

starting at time ¢, if the owner of an ordinary American option waits,
o . . S

before exercising, that the total time after t, ft 1 {h(gu)zv;j(u,su)}du

spent within the exercise region of vﬁL’T, is as long as the time until the
first exercisable date Ty, then, this suboptimal strategy is equivalent
to holding the randomly exercisable option. Note that this strategy is
unavailable to the owner of the randomized option since his option may
not be exercisable at that time.
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8. AN EARLY EXERCISE PREMIUM IMPLEMENTATION

In this section we show how equation (6.1) can be solved numerically.
But first let us write

(8.1) bpr(t,w) = h(@) = vpr(t, @)

T
O (t) = mes [ ma (B (s,),0) Ms
t
andfor0 < A<T —t

A|a2,T<tv T) = e_pAWt,mai\L7T(t + A, &)
t+A
GQ,T(@ x)m = Wt,x/ e?(7) max (bﬁ,T(s, &),0) Ads
t

These quantities have clear financial meanings: max (bﬁﬁT(t,m),O) is
the instantaneous early exercise benefit resulting from exercising at
time ¢ (as opposed to keeping the option); aj ,(t,) is the present
value of these continuously paid benefits until maturity; A|a£7T(t,x) is
the present value of these benefits when the payments are deferred by
A and aQ’T(t,x)K| is the present value of these benefits paid during a
temporary period of A.
Note that (6.1) can be rewritten as

(82) vi)L\,T(tu CZT) = vi,T(tu CZT) + aﬁ,T(t .T)

and for any Markov process ¢ and any time step 0 < A < ¢, the
continuous payments aaT(t, x) can be decomposed into the temporary

payments aj, ,(t, )57 and the deferred ones alay 1 (t, z) yielding

(8.3) a;\L,T(t7 T) = a?\L,T(ta I)m + A’a;\L,T(t’ ).

Now in order to evaluate the integral aj ,(t, ), we need to discretize
¢. The simplest way to do so is to replace ¢ by the binomial asset
price process £". That is we divide the time into steps of size A,, = %
and, starting at time t; = 0 at position {§ = z, process {" jumps
at each time t; = 1A, ¢ = 1,2, ... from its current state £, to the
state ' = ug* ; with probability p, and to the state ' = d¢' ; with
probability p; where

This yields

(8.4) vt @) = ups(t, @) + app(t, @)
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where the superscript n indicates that & has been replaced by the bi-
nomial asset process " in (8.2).
In order to recursively estimate the members of (8.4) define for every

‘T,
~1, )\
ahﬁT(T, z)=0
by (T,z) =0
62:7)\”(T7 m) = h(l’),

and, for 0 <t < T,
N n—1
85)  Bata) = L () (h@) =573t 2))
=0

T
Aba) = ma [ e e (B(5,2).0) Ads
t
(8.6) @;;;;(t, T) = U;;;;?(t, ) + a;;;;@, ).

Again /a\Z% can be decomposed into the temporary and deferred pay-
ments

A »
@yt 2)a = T / e~ mane (B (5, €2), 0) Ads
t
alayz(t,z) = eipAWt,va:; (t + A, §?+A)
so that
1, ~,\ A1,
(8.7) ayp(t x) =@y p(t, x) a7 + alay (L, o).
From (8.5), (8.6) and (8.7), we obtain the following equation for
1=0,...n—1
~n,\ T
Uh,T(tmff) = h(x) — bﬁ,:r(tu z)
- UZ:;:(Q, ZE) + az:;\‘(t% I)
n,E ~n, A\ ~n,\
= Uh,T<ti7 l‘) + CLh,T(tiv I)m + An|ah,T<tiv 'T)
But obviously
sl s w) = T (€A G b1, ) )

(8.8) = e Pn (aZ:;\“<ti+1v TU)py + az:;\“(tzﬂrl; CUd)Pd)
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. S\ . .
and since &, and b;’7- are constant on each time interval [t;, ¢;+1) we also
have

tit1 -
&\Z:%(ti, a:)E = T4, 4 / e P~ max (bﬁyT(ti, x), O) Ads

t;
= max (327T(ti, ), 0> fgn,p

where A
1 —exp (—pA,
A= p( PAn)

Hence
hlw) = B (b, @) = max (B (t,2),0) 12,
+ U p(t, @) + anla@yy (b )
Which is solved by

(8.9) b rlti, o) = max(h(z) — vp 7 (t, @) = a, a7t 7). 0)

L+ R
from which we can set
(810) @3, ) = max (Bho(ti0), 0) fA,, + a a1 (1, )

The method for solving EZ%, a;;; and @Z% recursively is now simple to

describe. Let £'; be the values that can take {" at time ¢;, fori =0, ...,n

and 7 = 0,...,4. The present value of the benefits, GZ:%(ti,ﬁﬁj), are

calculated recursively first by ZiZ:?}(tn, ni) = 0for j =0,.,n and,

assuming ZL\Z:;(Q,Q%) has already been calculated for j = 0, ..., 4, the
values An|&\Z’A(ti,1,§§Ll’j) and /b\aT(ti,l,fﬁl’j), for j =0,...,i — 1, are
obtained through (8.8) and (8.9). GZ:;(ti_l,fgle) and 6,’};;}(1;»_1,5;71,3.)
are then given by (8.10) and (8.6). Finally, at i = 0, (to,&g,) = (0, ),
yielding the desired estimate @\27’%(0, x) of the randomized American
option value. Taking A\ = n makes @Z;ﬁ converge to the value vy, p of

the American option, as shown in the next section.

9. CONVERGENCE OF THE NUMERICAL METHOD

All that remains to be shown now is that v;’7.(0,2) converges to
vpr(0,2). This is going to be done by breaking down the approxi-
mation error into three part, a law error £", a randomization error
R™" and a discretization error D™". The latter is itself bounded by a
modulus of continuity w™" defined in the next section.
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In addition to the previously defined notation for v,’f% and vj, ; we
will use th to denote the value of the American option when the
underlying stock process ¢™ is the binomial asset pricing model. We
will also use th to denote the value of the American option with
underlying £, that is v, 1 = vp 7.

9.1. Modulus of continuity over one time step w™*. We define
the following modulus of continuity over one time step by

wn,)\ —

max  sup sup

- UhT(tux) UhT<t + 6, )
1=0,...,n— 56[0 L) z>0

where t; = i%, 1t =1,...,n. In this section we show that
(9.1) W < (1= %)

To see this, take ¢ in {¢1,...,t,} and 6 in [0, £). Since £ is constant
on the interval [¢,¢ + L), it follows that, for any s in [t + 6, T),

Tt48,x (f(fs)) = Tt (f(gs»

and therefore

Uh, T(t+5 ) = Sl[lpT] My (e PIVIE B av(t+6)))
ogclt,

Note that
0< UZ,’%(@ ) — v, T(t +0,2)
< v,’f;%(t, z) —e P ")‘(t + 4, 1)

< sup e’'m, (e PIR(ER) —e P t+6)h( 2v(t+5)))
c€[t,T]

Now on the set {0 >t + 04},
e P7h(Er) — e PV IEIR(EL 1) =0,
and therfore we can continue with

= stﬁ};} i (€PN TIR(ED 1rs) — € O Ls)) -
oclt,

But, because t is in {t1, ..., t,} and " is constant on the interval [t,t +
L), we can continue with

= sup e’'m, (e PN — PO p(g),
c€[t,T] 7
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Now o A (t+ ¢) > t, so we can continue with

< ept (e—pt _ e—p(t+5)> HhHoo

—pb

=1 —e") |l
and (9.1) follows.
9.2. Randomization error R™*. We estimate here the randomiza-
tion error R™* resulting from approximating the value vy (t,x) of
an ordinary American option with underlying process £" by the value

UZ,’%(t, x) of its randomized counterpart. More formally, we define the
Randomization error R™* by

(9.2) R = |opd(t, @) — o2 (t, )
and, in this section, we show that

(9.3) lim R™ = 0.

(n,\)—o0
Recall from (4.1) and (4.2) that

0 < opP(t,x) — vig

oon Tx n —\u 1% h, o
<o 16) = [T pupa €I ] + L]
0
" ngr o v | ol

where ”Sf;: is the semigroup of £”, that is
"Si(h)(z) = myy h(E]L), for 0 <ty < t5, and z > 0.

Now, since 7, is optimal, {7 must be "in the money" (that is h(£) >
0) or 7. = T'. In the later case

hEr) - / nST (W€ Adu = 0,

so we just have to treat the case where h(£2) > 0. To do that, fix w,
let 2, = ()W)t = T(w), let u € [0,T —t.] and let A, = L and
u} = u+ frac(z=) where frac(z) is the fractional part of z. Note that

"Sizu(h) (@) =" S (h) ().

Furthermore, since the support of & is contained in [0, K] and z, is "in
the money" then 0 < z, < K. Denoting 7 := 7 ; and using the fact
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that h is Lipschitz with constant IL, we get
\h(z,) — ”Sgg(h)(x*) < (|h(ze) — b (2.8 ")

)

< La,r (|1 = &| Allhll)
< LKr( sup € A(1+|hl.)— inf &)
0<s<u? 0<s<u®p
Obviously,
T
ul <u+ —
n

and therefore

\h(z,) — " Son (h) (2.

<LK / Sunt = "Surr) € M Adu

where
"Se=m( sup AL+ |AlL))
0<s<u+Z
"S,=m( inf ).
0<s<u+Z
Hence,
h
(9.4) UZ% UhT H < LK/ Sunt — u/\T) e M Adu + IOH)\H

Now it is well known that the laws of ¢" in the Skorokhod space of
cadlag trajectories converge weakly to the law of the geometric Brown-
ian motion &, see Coquet and Toldo [50]. By mean of taking a subse-
quence, the convergence can be assumed to be uniform almost surely.
This implies that the laws of

--n
§, = sup &
0<s<u+ZL

&= inf

4 0<s<utl

converge to the laws of

Eu = Ssup gs
0<s<u
— inf
S, = o0t &

and thus, if
no* =k
S =sup (EA 1+ 1]

"Sr=infm <§ >

k>n —u
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then, from (9.4), we have
lim R™ = lim LK [ ("5, ="S;) e adu+ Hde 1lles _
(n,\)—o0 (n,\)—o0 0 A
9.3. Law error L". We define the law error £" by
(9.5) L = " (t,x) — v>(t, z)|.
Since, the laws of £" on the Skorokhod converge weakly to the law of
&, it follows immediately that

(9.6) lim £ =0

see for instance Coquet and Toldo [50].
9.4. Discretization error D"*. We define the discretization error as

(9.7) D™ = max sup [vp)(t, z) — O (t, )
1=0,...,n—1 z>0 ’ ’

and, in this section, we show that
(9.8) lim D™" = 0.

n—oo

In order to shorten the expressions, we will use the following nota-
tion, for functions f and g, and numbers «, 3:

(af = Bh) (t,x) = af (t,x) — Bh(t, x)
of = Bhl(t,x) = |af (£, x) — Bh(t, )|
Take some t = z% <T,1=0,...,n—1, and write
(9.9) vpp(t, @) = Typ(t 2) = ayp(t, o) — Gp(t, @)
= rlay7(t,x) — cfayz(t )
+ ayr(t,2) 7y — G @) 7
Assume that during its whole trajectory in between ¢ and ¢+ %, process
UZ% (s,&7) = UZ% (s,z) doesn’t cross the value @Z{,\,(t,x) Then the
quantities v,’f”%(t, x) — @\Z:%(@ x) and ai:;(t, x)g - Eﬁ:?(t, m)g have op-

posite signs. If indeed, to fix the ideas, UZ:%(?&, x) — @Z?(t, x) > 0 and

UZ% (s,z) > @?”%(t, x) for every s in [t,t + %) then

max (h (x) — UZ% (s,x) ,0) < max <h (x) — @\Z:%(t, ), 0)
for every s in [t,¢ + L) form which

A, O,
ah,;(tv x)? < ah,’?@? x)?
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and the claim follows. We conclude that in this case

n,A A ~n,A
Upr — UhT‘ (t,z) < Z|ah,T - IlahT‘ (t,z).
On the other hand suppose now that, indeed, th( &) = th (s,x)
crosses vhyT(t, x) for some s in [t,t 4 = ) That means that UhyT (t,x) is

within one modulus of continuity w™* of v, Uy, T(t x), in other words,

ot @) = Bt a)| < w0

Therefore
(9.10) i — UhT‘ (t, ) < max(|z|ay7 — 1|5Z,’%‘ (t,2),0"™).
Now
n,A\ o 7p1 n,\ A T
%|ah,T(t7 x)=e "u Ay Put Qyr - Pa (t+ E’xu)
~n _,L n -~n T
%]ah”%(t, r)=e " n (ah% Pu + ah”:’} -pd) (t+ E,xu)
hence

A ~n, A\ _pL n,\ ~1,\ T
(%|%,T —r |%,T> (t,x) =e Pnp, (ahT hT) (t—i-g,xu)
_,T n T
and, from (9.9) we get, taking the absolute value,

A N,

n T
(9.11) U — th’ (t+ o Tu)

rlap —z [a3] (4,2) < e Fp,
_pL n ~n T
+e Pnpg )vh:% vh%) (t+ E,:cd).
What (9.10) and (9.11) are saying is that if ‘UZ,’T 'uhT‘ (t,x) is not

bounded by w™, it is then bounded by the expected present value of

terms which are themselves in the form ‘UZ% — 'uhT) but with a time

to maturity shortened by % Each of these terms can be worked out
recursively in the same manner and, ultimately, the terms have to be
bounded by w™* since, if maturity is reached, that is if ¢ + % =T in
(9.11), then the right hand side of (9.11) is zero. Hence,

"uhT (t,x) — @Z;(t,m)‘ <DP <t

and (9.8) follows.
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00,00

9.5. Convergence. Obviously, the error of estimating the value v} "7
of the American option by @Z; can be broken down into three parts: a
law error resulting from approximating v, by v;’7’, a randomization
error coming from approximating vy’ by v, ;- and a discretization error
resulting from approximating v,z by v,’7. Recalling (9.7), (9.2) and
(9.5), we get

[zt @) = vnr(t,0)] < DV 4 R4 L7
and thus from (9.8), (9.3) and (9.6) we have

lim o7t 2) = v r(t, x)
n—oo ’

as wanted.

10. NUMERICAL RESULTS

The efficiency of the method described in section 8 is illustrated here
for the put option

h(x) = max(100 — z,0)

with
T —
p=0.1
c=0.15
& = 100.

We define the error €™ by
et = v;f’:’poo(O, 100) — 52:2(0, 100)
based on the value
vf::’,,oo((), 100) = 3.150699687

which we calculated with the classical binomial asset pricing model
value with n = 15000 time steps.
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[5]
(6]

[7]

11]
12]
13]
14]

[15]
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Number of steps n

Error "

25 <n <100

0.022340715 < e

< 0.110579023

100 < n <250

0.008185433 < ™

< 0.028444563

250 < n <500

0.004122794 < &"

< 0.011175892

500 < n < 750

0.002773273 < e

< 0.005573383

750 < n < 1000

0.002090356 < e

< 0.003734639

1000 < n < 2500

0.000798636 < &

< 0.002776534

2500 < n < 5000

0.000379865 < &

< 0.001073829

5000 < n < 7500

0.000237743 < e

< 0.00051667

7500 < n < 10000

0.000165286 < e"

< 0.000328836

10000 < n e" <0.000233548
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